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Abstract 

Objective: The reprogramming of metabolism is an important factor in the metastatic process of cancer. In our 
study, we intended to investigate the predictive value of metabolism-related genes (MRGs) in recurrent gastric cancer 
(GC) patients with peritoneal metastasis.

Methods: The sequencing data of mRNA of GC patients were obtained from Asian Cancer Research Group (ACRG) 
and the GEO databases (GSE53276). The differentially expressed MRGs (DE-MRGs) between a cell line without peri-
toneal metastasis (HSC60) and one with peritoneal metastasis (60As6) were analyzed with the Limma package. 
According to the LASSO regression, eight MRGs were identified as crucially related to peritoneal seeding recurrence 
in patients. Then, disease free survival related genes were screened using Cox regression, and a promising prognostic 
model was constructed based on 8 MRGs. We trained and verified it in two independent cohort.

Results: We confirmed 713 DE-MRGs and the enriched pathways. Pathway analysis found that the MRG-related 
pathways were related to tumor metabolism development. With the help of Kaplan–Meier analysis, we found that the 
group with higher risk scores had worse rates of peritoneal seeding recurrence than the group with lower scores in 
the cohorts.

Conclusions: This study developed an eight-gene signature correlated with metabolism that could predict peri-
toneal seeding recurrence for GC patients. This signature could be a promising prognostic model, providing better 
strategy in treatment.
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Introduction
Gastric cancer (GC) is the fifth most common cancer 
and the third most common cause of cancer-related 
death globally [1]. Gastric cancer is also one of the most 
common cancers in China. According to 2015 statistics, 
in China, there were nearly 679,100 new cases of GC 
and 498,000 new mortalities due to GC [2]. Peritoneal 

metastasis (PM) is very common in gastric cancer and 
occurs in 53%-66% of patients with distant metastatic gas-
tric cancer [3]. The median survival time is only 4 months 
once peritoneal metastasis is diagnosed, compared with 
14 months in GC patients without peritoneal metastasis 
[4]. Serosal invasion is the strongest indicator of perito-
neal metastasis in GC [5]. Most patients with GC with 
serosal invasion succumb to peritoneal metastasis within 
2  years after surgery despite radical gastrectomy [6]. 
Therefore, it is quite significant to search for biomark-
ers that can effectively predict postoperative peritoneal 
metastasis and recurrence in patients with gastric cancer.
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There are many pathways associated with peritoneal 
metastasis of a tumor. Various molecules and related 
signaling pathways play important roles in this process. 
PRL-3 downregulates PTEN, induces PTEN phospho-
rylation, activates the PI3K/Akt signaling pathway, and 
upregulates MMP-2 and MMP-9 to promote the perito-
neal metastasis of gastric cancer [7]. TGF-α secreted by 
stromal fibroblasts in turn promotes peritoneal metas-
tasis of ovarian cancer through epidermal growth factor 
receptor (EGFR) signaling [8]. Metabolic pathways also 
play a significant role in tumor metastasis. The adipokine 
apelin promotes ovarian cancer metastasis and progres-
sion through its receptor APJ, which regulates cell pro-
liferation, energy metabolism, and angiogenesis [9]. For 
gastric cancer, there are few reports on the metabolic 
pathways involved in peritoneal metastasis of gastric 
cancer, and the relationship is not yet clear. However, 
according to current relevant studies, various pathways 
involved in fat metabolism have a certain correlation 
with peritoneal metastasis of gastric cancer. Peritoneum-
derived adipocytes induce robust lipid droplet (LD) accu-
mulation and fatty acid oxidation in GC cells through 
the transcriptional upregulation of DGAT2 in a C/EBPα-
dependent manner and prevent anoikis during perito-
neal dissemination [10]. This finding also illustrates that 
lipid metabolism pathways may play a role in peritoneal 
metastasis of gastric cancer. Therefore, we aimed to iden-
tify the metabolic indices that could predict peritoneal 
metastasis of gastric cancer by analyzing the metabolic 
pathways and important differentially expressed genes 
related to peritoneal metastasis of gastric cancer. The 
samples with strong ability of peritoneal seeding and nor-
mal samples are compared to find the metabolism related 
genes. Then we used these genes to make a proper model 
with LASSO regression to find the patients with higher 
risk of recurrence of peritoneal seeding.

Materials and methods
Data source
GSE53276, which is an 8-sample dataset, was down-
loaded from GEO database (https:// www. ncbi. nlm. nih. 
gov/ geo/). The GSE53276 has 2 sets of HSC60 (n = 2, 
total 4) and 2 sets of 60As6 (n = 2, total 4). The 60As6 
which had strong ability to cause peritoneal seeding 
is a cell line established from HSC60.The clinical data 
and RNA-sequencing datasets of patients in the ACRG 
cohort were obtained for training. The clinical informa-
tion table for this cohort is in Supplementary Table 1. The 
date of recurrence and the first site of recurrence were 
used. The RNA-sequencing datasets of GC patients in 
the Zhongshan cohort were obtained for validation. All 
patients were treated with surgery and chemotherapy. 

The clinical information table for this cohort is in Sup-
plementary Table 2.

Selection of metabolism‑related genes
In our study, We downloaded MRGs from the website 
of GeneCards (https:// www. genec ards. org/) with the 
key words “metabolism”. Correlation scores were used 
to indicate the strength of the correlation between genes 
and metabolism. The higher score represents a stronger 
relationship. Follow-up studies and analyses were per-
formed for MRGs with scores above 5.

Differentially expressed MRGs, GO and KEGG analysis
In this study, Limma R package (FDR < 0.05, ∣logFC∣ > 1) 
was employed to identify differentially expressed MRGs 
in GC mRNA expression data. The visualization of the 
results (such as volcano map and heat map) could be 
done with the help of ggplot2 and pheatmap R packages. 
We analyzed and visualized functional annotations for 
MRGs using the GOplot R package. In addition, KEGG 
analysis was also performed [11–13].

Establishment of an individual prognostic indicators 
according to MRG
Combined with clinical data, MRGs mRNA expression 
levels were analyzed. Important MRGs were selected by 
univariate Cox regression analysis. Genes identified as 
associated with peritoneal seeding recurrence time were 
used to develop polygenic prognostic characteristics. 
Multivariate MRG model was constructed by LASSO 
regression method using glmnet R package (11,12). In the 
LASSO regression, only genes with non-zero coefficients 
and p < 0.05 were selected for further calculation of risk 
scores (13).

According to the coefficients from LASSO regression 
analysis, the formula of Risk Score (RS) was built. Median 
RS was selected as the cut-off value, and the ACRG 
patients were divided into high-risk and low-risk sub-
groups, respectively. Kaplan Meier curve was drawn. The 
difference of peritoneal seeding recurrence time between 
high risk group and low risk group was assessed. The 
ROC curve was drawn by pROC package, and the clinical 
significance of these identified genes was evaluated.

Statistical analysis
This study used R software (version 3.6.1) to perform sta-
tistical analysis and visualization. log-rank test and the 
Kaplan–Meier curve was employed to test for significant 
differences in Recurrence Free Survival (RFS) between 
the groups. Univariate and multivariate Cox proportional 
hazards regression analyses were also used to evalu-
ate the relationship between the risk score and RFS. In 
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all analyses, a P value < 0.05 was considered statistically 
significant.

Results
Identification of DE‑MRGs
The RNA-seq data of a pair of highly peritoneal-met-
astatic gastric cancer cell lines and no peritoneal-
metastatic gastric cancer cell lines(GSE53276)were 
downloaded and analyzed. We acquired 2436 MRGs 
with scores > 5. The expression levels were compared 
of 2436 MRGs in the RNA-seq data from gastric cancer 
cell lines and highly peritoneal-metastatic gastric can-
cer cell lines. The results revealed a total of 713 signifi-
cantly differentially expressed MRGs (Supplementary 
Table  3), including 490 significantly upregulated genes 
and 223 significantly downregulated genes in PMGC 
(Fig. 1A and 1B).

Important pathways involved with MRGs
The significant pathways of 713 differentially expressed 
MRGs were analyzed. GSEA found that fatty acid metab-
olism was one of the most important pathways (Fig. 2A). 
Fatty acid metabolism was also found to be an important 
part of the GO analysis and KEGG analysis. GO enrich-
ment analysis showed that the differentially expressed 
MRGs played an important role in small molecule bio-
synthesis, fatty acid metabolism pathways and other met-
abolic pathways in GC (Fig. 2B, and 2C). KEGG analysis 
revealed that the DE-MRGs mainly participated in tumor 
metabolism related pathways, including insulin metabo-
lism and fatty acid metabolism (Fig. 3A, and 3B).

Construction of the MRG‑based prognostic model
This study used univariate Cox regression analy-
sis to determine correlations among 713 differentially 
expressed MRGs and peritoneal metastasis of gastric 
cancer in the ACRG cohort. The results showed that 87 
genes were significantly correlated with the PM related 
RFS of GC patients (P < 0.05). LASSO Cox regression 
analysis was implemented on 87 significant genes, and 
8 genes (CNPY3, TF, ANGPT2, GSR, VKORC1, LRP12, 
FGF19 and SLC30A7) that could be independent prog-
nostic predictors in PMGC were screened (Fig.  4A, 
and 4B). Based on the results of LASSO regression, the 
calculating formula used to get the MRG-based prog-
nostic risk score was as follows:RS = 0.002087876 ∗ 
CNPY3 + 0.521922313 ∗ TF + 0.183620936 ∗ ANGPT2-
0.123548398 ∗ GSR + 0.185889325 ∗ VKORC1 + 
0.155022512 ∗ LRP12 + 2.808294327 ∗ FGF19 + 
0.085701 ∗ SLC30A7.

In addition, multivariate Cox analysis was employed 
on the ACRG cohorts to make further training of the RS 
with GC patients (Fig. 4C, and 4D). The AUC was 0.78, 

which indicated that this model had an effective value for 
predicting the recurrence of gastric cancer patients with 
peritoneal metastasis.

Training and validation of the RS model and illustration 
for clinical practice
This prognostic feature based on MRGs could be 
employed as a predictive tool to evaluate the recurrence 
of peritoneal seeding pattern in patients with gastric can-
cer. In the ACRG cohort, each patient was assigned a risk 
score based on the expression levels of the 8 MRGs. The 
median RS of all patients was used as the critical value, 
and all patients were divided into the group with high 
risk and the group with low risk. RFS results of perito-
neal seeding pattern recurrence in the low-risk group 
patients were significantly better than the high-risk 
patients (Fig. 5A). The group with high risk and the group 
with low risk also had differences in the RS distribution 
(Fig.  5B). It can be seen that patients in the high-risk 
group have shorter RFS and a higher recurrence rate of 
peritoneal seeding. It could be found that high expression 
of LRP12 may have a stronger correlation with recur-
rence of peritoneal seeding in gastric cancer patients in 
the heatmap of the 8 MRG expression profiles (Fig. 5C). 
After training through the ACRG cohort, we performed 
validation in a separate Zhongshan cohort. By perform-
ing a sequencing-based RS patients who underwent sur-
gery and chemotherapy, we divided the high-risk and 
low-risk groups. We found that patients with recurrent 
peritoneal metastases in the validation cohort were in the 
high-risk group, while no recurrent peritoneal metasta-
ses were observed in the low-risk group, suggesting that 
our model can predict the risk of peritoneal metastases 
to some extent (Fig.  6A). The group with high risk and 
the group with low risk also had differences in the RS dis-
tribution and heatmap (Fig. 6B, and 6C).

Discussion
Peritoneal metastasis of tumors is usually closely related 
to changes in metabolic pathways. Metabolic reprogram-
ming is required for cancer cells to shed into the perito-
neal cavity to resist anoikis. Several important genes that 
are closely related to metabolism, such as FGF19, LRP12, 
CNPY3 and TF, were investigated in our study. FGF19 
induces lipolysis by activating the FGFR1c receptor pre-
sent mainly in adipose tissue and other tissues except 
the liver. On the other hand, FGF19 induces lipogenesis 
through the FGFR4 receptor and inhibits the hepatic 
synthesis of fatty acids [14]. FGF19-FGFR4 signaling 
is implicated in many cellular processes, including cell 
proliferation, migration, metabolism and differentiation 
[15]. FGFR4-deleted YTN16 cells fail to form tumors and 
show low rates of peritoneal dissemination [16]. FGF19 
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Fig. 1 Differentially expressed MRGs between a highly peritoneal-metastatic GC cell line and a nonperitoneal-metastatic GC cell line. (A) Heatmap 
of the MRGs from the GSE53276 dataset; (B) volcano plot of the screened MRGs
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Fig. 2 Gene set enrichment analysis and Gene Ontology analysis of differentially expressed MRGs. (A) Gene set enrichment analysis of differentially 
expressed MRGs. (B) Significantly enriched Gene Ontology (GO) terms of the differentially expressed MRGs according to biological processes. (C) 
Significantly enriched GO pathways of the DE-MRGs
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Fig. 3 Kyoto Encyclopedia of Genes and Genomes (KEGG) analysis of differentially expressed MRGs. (A) Chord plot indicates the relationships 
between the genes and KEGG pathways. (B) Significantly enriched KEGG pathways of the DE-MRGs
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Fig. 4 Establishment of the prognostic model for GC via LASSO regression analysis. (A) Correlation coefficients of the candidate genes. (B) A 
coefficient profile plot was generated against the log (lambda) sequence. (C) Univariate Cox regression analysis of the candidate genes. (D) ROC 
curve of the prediction model
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was significantly associated with depth of invasion, 
lymph node metastasis, and TNM stage in gastric cancer 
[17]. LRP12 shows significant associations with the sat-
urated fatty acid content in the gluteus medius. In light 
of these and other findings, the potential involvement of 
LRP12 in muscle lipid metabolism deserves to be further 
explored [18]. LRP12 may also be related to fatty acid 
metabolism in humans. CNPY3 is required for the mem-
brane localization of TLR2 and Paneth cell function [19]. 
Currently, there are few studies on the CNPY3 gene, and 
further studies on its correlation with fatty acid metabo-
lism are needed. As a chaperone of FGF19, CNPY3 may 

assist FGF19 in playing a specific role in the process of 
fatty acid metabolism. Vitamin K epoxide reductase 
complex subunit 1 (VKORC1) plays an important role 
in bone development and bone metabolism by influenc-
ing the vitamin K cycle [20]. Evidence that VKORC1 is 
directly involved in fatty acid metabolism is not clear. 
TF and anoikis have been reported to have a close rela-
tionship in relevant studies. FVIIa inhibits cell death and 
caspase-3 activation induced at physiologically relevant 
concentrations by serum deprivation and loss of adhesion 
in TF-overexpressing cells but not in non-TF-expressing 
cells [21]. This result indicates that TF overexpression 

Fig. 5 Training and clinical use of the risk score based on the 8-MRG signature in ACRG cohort. (A) Kaplan–Meier curve of the group with high risk 
and the group with low risk in the ACRG cohort according to RS model. (B) The RS distribution and vital status of patients. (C)The heatmap of the 8 
MRG expression profiles between the high-risk group and low-risk group
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can exert a certain inhibitory effect on anoikis. Although 
there are few reports of direct evidence of transferrin 
and fatty acid metabolism, the relationship between fatty 
acid and iron metabolism is clear. An in  vitro study on 
endothelial cells showed that iron alone had little effect; 
however, after it was combined with palmitic acid, iron-
mediated toxicity was markedly potentiated, as reflected 
in mitochondrial dysfunction, cell death, apoptosis, and 
DNA mutation [22]. ANGPT2 plays a crucial role not 
only in angiogenesis but also in the uptake and storage of 

fatty acids. The adipocyte-specific deletion of ANGPT2 
markedly reduces fatty acid uptake and storage in sub-
cutaneous adipose tissue. Mechanistically, ANGPT2 
activates integrin α5β1 signaling in the endothelium and 
triggers fatty acid transport via CD36 and FATP3 into 
subcutaneous adipose tissue [23]. ANGPT2 has been 
reported to be involved in several kinds of cancer, but its 
role in peritoneal metastasis of gastric cancer is still not 
fully understood. Slc30a7 (ZnT7) is a widely expressed 
zinc transporter involved in the sequestration of zinc into 

Fig. 6 Validation and clinical use of the risk score based on the 8-MRG signature in Zhongshan GC cohort. (A) Kaplan–Meier curve of the group 
with high risk and the group with low risk in the Zhongshan GC cohort according to RS model. (B) The RS distribution and vital status of patients. (C)
The heatmap of the 8 MRG expression profiles between the high-risk group and low-risk group
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the Golgi apparatus and vesicular compartments [24]. A 
reduction in Znt7 expression blunts activation of the sig-
nal transduction pathways that regulates both basal and 
insulin-stimulated glucose uptake in adipocytes, result-
ing in low glucose uptake and lipid accumulation [25]. 
It was reported that there was an upregulation of spe-
cific ZnT and ZIP transcripts such as Znt7 in colorectal 
cancer [26]. Although most of these metabolism-related 
genes have not been reported to be associated with peri-
toneal metastasis in gastric cancer, some of them were 
strongly linked to tumor progression. Further studies on 
why they affect the risk of peritoneal metastasis in gastric 
cancer patients were needed.

Metastasis requires cells to respond to a number of 
biological challenges, including escaping from the pri-
mary tumor, colonization of distant organs, and growth 
into tumors at these remote sites [27, 28]. Many factors 
contribute to the ability of cancer cells to metastasize. 
Metastasis also imposes different metabolic demands 
than those that support cell growth. In the process of 
peritoneal metastasis in gastric cancer cells, there are 
also metabolic changes. These metabolic changes may 
not necessarily be concentrated in the expression of a sin-
gle gene, but rather manifest as an overall trend change 
in the metabolic network. For example, the abundance of 
lipids on the omentum may be associated with increased 
expression of genes related to lipid metabolism in cells of 
gastric cancer patients undergoing peritoneal metasta-
sis. The numerous metabolism-related genes may be able 
to make some predictions about the risk of peritoneal 
metastasis in gastric cancer patients.

In our work, we downloaded the data of 300 GC 
patients from ACRG, and the relationship between the 
clinical data and the expression of MRGs was analyzed. 
In addition, risk scores were calculated based on MRGs 
as independent prognostic indicators of recurrence. 
These results revealed some crucial MRGs in GC, which 
also might make a contribution for follow-up studies on 
tumor metabolism. Our findings could provide a useful 
risk scoring formula for predicting recurrence and guid-
ing treatment for GC patient. A well-designed prediction 
model could facilitate communication between physi-
cians and patients and identify patients who are genu-
inely at high risk. The recurrence risk score, an effective 
prognostic tool designed to improve the prediction of 
gastric cancer after diagnosis, was validated in this study. 
In this study, the recurrence risk score was based on 
the fractions of 8 important metabolism-related genes. 
The results showed a clear separation of overall survival 
curves between patients with high and low recurrence 
risk scores. Although some of the eight genes do not have 
a strong direct link to the peritoneal metastasis of cancer, 

the models based on these genes suggest that they might 
take part in tumor development and metastasis. The 
specific mechanism needs to be further explored in the 
future.

In summary, this study identified the DE-MRGs and 
pathways associated with the metabolic process in GC. 
These genes might serve as potential biomarkers to make 
the prediction of prognosis and diagnosis of the perito-
neal metastasis of GC patients and provide new perspec-
tives for therapy.

Supplementary Information
The online version contains supplementary material available at https:// doi. 
org/ 10. 1186/ s12863- 022- 01096-0.

Additional file 1: Supplementary Table 1. Baselinedata of 300 patients 
with gastric cancer in ACRG cohort. Supplementary Table 2. Base-
linedata of 19 patients with gastric cancer in Zhongshan cohort. Sup‑
plementary Table 3. The list of 713 DE-MRGs. Supplementary Table 4. 
Detailedinformation on the 8 key Metabolism-Related Genes.

Acknowledgements
This work was supported by grants from the National Natural Science Founda-
tion of China (Grant Nos. 81972228,82002527).

Authors’ contributions
HJ Li, XF Wang, and YH Sun designed the study. CY Tian, D Liu, and JJ Zhao 
performed most of the analysis. J Sun, Q Jiang collected the data. CY Tian, D 
Liu, and JJ Zhao prepared the manuscript. HJ Li and XF Wang reviewed and 
edited the manuscript. All authors read and approved the final manuscript.

Funding
 This study was supported by the National Natural Science Foundation of 
China (Grant Nos. 81972228,82002527).

Availability of data and materials
The datasets used or analyzed during the current study are available from GEO 
repository: https:// www. ncbi. nlm. nih. gov/ geo/.

Declarations

Ethics approval and consent to participate
The experimental protocol was established, according to the ethical guide-
lines of the Helsinki Declaration and was approved by the Ethics Committee of 
Zhongshan Hospital Affiliated to Fudan University. Written informed consent 
was obtained from individual or guardian participants.

Consent for publication
Not applicable.

Competing interests
The authors declare no conflict of interest.

Received: 25 March 2022   Accepted: 25 October 2022

References
 1. Smyth EC, Nilsson M, Grabsch HI, van Grieken NC, Lordick F. Gastric can-

cer. Lancet. 2020;396(10251):635–48.
 2. Chen W, Zheng R, Baade PD, Zhang S, Zeng H, Bray F, Jemal A, Yu XQ, He J. 

Cancer statistics in China, 2015. CA Cancer J Clin. 2016;66(2):115–32.

https://doi.org/10.1186/s12863-022-01096-0
https://doi.org/10.1186/s12863-022-01096-0
https://www.ncbi.nlm.nih.gov/geo/


Page 11 of 11Tian et al. BMC Genomic Data           (2022) 23:84  

•
 
fast, convenient online submission

 •
  

thorough peer review by experienced researchers in your field

• 
 
rapid publication on acceptance

• 
 
support for research data, including large and complex data types

•
  

gold Open Access which fosters wider collaboration and increased citations 

 
maximum visibility for your research: over 100M website views per year •

  At BMC, research is always in progress.

Learn more biomedcentral.com/submissions

Ready to submit your researchReady to submit your research  ?  Choose BMC and benefit from: ?  Choose BMC and benefit from: 

 3. Coccolini F, Cotte E, Glehen O, Lotti M, Poiasina E, Catena F, Yonemura Y, 
Ansaloni L. Intraperitoneal chemotherapy in advanced gastric cancer. 
meta-analysis of randomized trials. Eur J Surg Oncol. 2014;40(1):12–26.

 4. Sasako M, Sano T, Yamamoto S, Kurokawa Y, Nashimoto A, Kurita A, Hirat-
suka M, Tsujinaka T, Kinoshita T, Arai K, et al. D2 lymphadenectomy alone 
or with para-aortic nodal dissection for gastric cancer. N Engl J Med. 
2008;359(5):453–62.

 5. Van Cutsem E, Sagaert X, Topal B, Haustermans K, Prenen H. Gastric 
cancer. Lancet. 2016;388(10060):2654–64.

 6. Thomassen I, van Gestel YR, van Ramshorst B, Luyer MD, Bosscha K, Nien-
huijs SW, Lemmens VE, de Hingh IH. Peritoneal carcinomatosis of gastric 
origin: a population-based study on incidence, survival and risk factors. 
Int J Cancer. 2014;134(3):622–8.

 7. Xiong JB, Li ZR, Zhang Y, Li DJ, Zhang GY, Lu XS, Jie ZG, Liu Y, Cao Y, Le 
ZB, et al. PRL-3 promotes the peritoneal metastasis of gastric cancer 
through the PI3K/Akt signaling pathway by regulating PTEN. Oncol Rep. 
2016;36(4):1819–28.

 8. Lau TS, Chan LK, Wong EC, Hui CW, Sneddon K, Cheung TH, Yim SF, Lee 
JH, Yeung CS, Chung TK, et al. A loop of cancer-stroma-cancer interaction 
promotes peritoneal metastasis of ovarian cancer via TNFalpha-TGFalpha-
EGFR. Oncogene. 2017;36(25):3576–87.

 9. Dogra S, Neelakantan D, Patel MM, Griesel B, Olson A, Woo S. Adipokine 
Apelin/APJ pathway promotes peritoneal dissemination of ovarian cancer 
cells by regulating lipid metabolism. Mol Cancer Res. 2021;19(9):1534–45.

 10. Li S, Wu T, Lu YX, Wang JX, Yu FH, Yang MZ, Huang YJ, Li ZJ, Wang SL, 
Huang L, et al. Obesity promotes gastric cancer metastasis via diacylglyc-
erol acyltransferase 2-dependent lipid droplets accumulation and redox 
homeostasis. Redox Biol. 2020;36: 101596.

 11. Kanehisa M, Goto S. KEGG: kyoto encyclopedia of genes and genomes. 
Nucleic Acids Res. 2000;28(1):27–30.

 12. Kanehisa M. Toward understanding the origin and evolution of cellular 
organisms. Protein Sci. 2019;28(11):1947–51.

 13. Kanehisa M, Furumichi M, Sato Y, Ishiguro-Watanabe M, Tanabe M. 
KEGG: integrating viruses and cellular organisms. Nucleic Acids Res. 
2021;49(D1):D545–51.

 14. Zhang F, Yu L, Lin X, Cheng P, He L, Li X, Lu X, Tan Y, Yang H, Cai L, et al. 
Minireview: roles of fibroblast growth factors 19 and 21 in metabolic 
regulation and chronic diseases. Mol Endocrinol. 2015;29(10):1400–13.

 15. Liu Y, Cao M, Cai Y, Li X, Zhao C, Cui R. Dissecting the Role of the FGF19-
FGFR4 signaling pathway in cancer development and progression. Front 
Cell Dev Biol. 2020;8:95.

 16. Yamamoto M, Nomura S, Hosoi A, Nagaoka K, Iino T, Yasuda T, Saito T, 
Matsushita H, Uchida E, Seto Y, et al. Established gastric cancer cell lines 
transplantable into C57BL/6 mice show fibroblast growth factor receptor 
4 promotion of tumor growth. Cancer Sci. 2018;109(5):1480–92.

 17. Wang S, Zhao D, Tian R, Shi H, Chen X, Liu W, Wei L. FGF19 contributes to 
Tumor progression in gastric cancer by promoting migration and inva-
sion. Oncol Res. 2016;23(4):197–203.

 18. Melo C, Quintanilla R, Gallardo D, Zidi A, Jordana J, Diaz I, Pena RN, Amills 
M. Association analysis with lipid traits of 2 candidate genes (LRP12 and 
TRIB1) mapping to a SSC4 QTL for serum triglyceride concentration in 
pigs. J Anim Sci. 2013;91(4):1531–7.

 19. Xiao L, Li XX, Chung HK, Kalakonda S, Cai JZ, Cao S, Chen N, Liu Y, Rao JN, 
Wang HY, et al. RNA-binding protein HuR regulates paneth cell function 
by altering membrane localization of TLR2 via post-transcriptional control 
of CNPY3. Gastroenterology. 2019;157(3):731–43.

 20. He J, Xie H, Yan C, Sun Y, Xu Z, Zhang X. Genetic Variation in VKORC1 and 
Risk for Osteoporosis. Arch Med Res. 2021;52(2):211–6.

 21. Versteeg HH, Spek CA, Richel DJ, Peppelenbosch MP. Coagulation factors 
VIIa and Xa inhibit apoptosis and anoikis. Oncogene. 2004;23(2):410–7.

 22. Yao D, Shi W, Gou Y, Zhou X, Yee Aw T, Zhou Y, Liu Z. Fatty acid-mediated 
intracellular iron translocation: a synergistic mechanism of oxidative 
injury. Free Radic Biol Med. 2005;39(10):1385–98.

 23. Bae H, Hong KY, Lee CK, Jang C, Lee SJ, Choe K, Offermanns S, He Y, Lee 
HJ, Koh GY. Angiopoietin-2-integrin alpha5beta1 signaling enhances 
vascular fatty acid transport and prevents ectopic lipid-induced insulin 
resistance. Nat Commun. 2020;11(1):2980.

 24. Huang L, Tepaamorndech S, Kirschke CP, Newman JW, Keyes WR, Ped-
ersen TL, Dumnil J. Aberrant fatty acid metabolism in skeletal muscle con-
tributes to insulin resistance in zinc transporter 7 (znt7)-knockout mice. J 
Biol Chem. 2018;293(20):7549–63.

 25. Tepaamorndech S, Kirschke CP, Pedersen TL, Keyes WR, Newman JW, 
Huang L. Zinc transporter 7 deficiency affects lipid synthesis in adipo-
cytes by inhibiting insulin-dependent Akt activation and glucose uptake. 
FEBS J. 2016;283(2):378–94.

 26. Barresi V, Valenti G, Spampinato G, Musso N, Castorina S, Rizzarelli 
E, Condorelli DF. Transcriptome analysis reveals an altered expres-
sion profile of zinc transporters in colorectal cancer. J Cell Biochem. 
2018;119(12):9707–19.

 27. Disibio G, French SW. Metastatic patterns of cancers: results from a large 
autopsy study. Arch Pathol Lab Med. 2008;132(6):931–9.

 28. Chen H, Shah AS, Girgis RE, Grossman SA. Transmission of glioblas-
toma multiforme after bilateral lung transplantation. J Clin Oncol. 
2008;26(19):3284–5.

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in pub-
lished maps and institutional affiliations.


	Identification of metabolism-related genes for predicting peritoneal metastasis in patients with gastric cancer
	Abstract 
	Objective: 
	Methods: 
	Results: 
	Conclusions: 

	Introduction
	Materials and methods
	Data source
	Selection of metabolism-related genes
	Differentially expressed MRGs, GO and KEGG analysis
	Establishment of an individual prognostic indicators according to MRG
	Statistical analysis

	Results
	Identification of DE-MRGs
	Important pathways involved with MRGs
	Construction of the MRG-based prognostic model
	Training and validation of the RS model and illustration for clinical practice

	Discussion
	Acknowledgements
	References


